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Abstract. Lately, instructors, as well as learners, have been integrating social networking media in 
the context of higher education systems. Social networking media has also become the subject of 
interest for researchers to explore its impacts in the process of imparting and acquiring higher 
education. Various platforms have been introduced by the social networking media to facilitate the 
process of communication between the teachers and students while it eases creating and sharing for 
its users. Through conducting research on the dynamics of students and instructors, their acceptance 
regarding the various innovations and their attitude towards these platforms, useful modifications of 
the current approaches can be done accordingly in a way that ensures a wide adaptation of the 
software. The current study is built on the ground of established research termed the Unified Theory 
of Acceptance and Use of Technology (UTAUT). The findings of this research are employed to confirm 
the factors of utilizing social networking media for e-learning in the United Arab Emirates higher 
education context. The quantitative data has been acquired based on the survey method. The sample of 
this current investigation is students and instructors from two different universities in the higher 
education sector of the United Arab Emirates. The predictive behavior of the anticipated stimulants for 
the research model was analyzed using the Structural Equation Modelling. The findings of this study 
are useful to comprehend the factors that drive the Emirati students to embrace certain perceptions of 
social media technology in the higher education context. 

Keywords: University students, Social network media, the unified theory of acceptance and 
use of technology (UTAUT). 

1. Introduction 

The usage of social media has risen dramatically over the last few years, not only among casual users, but 
also among academic users (Al-Emran & Salloum, 2017; Al-Maroof & Al-Emran, 2018; S. A. Salloum, Al-
Emran, Monem, & Shaalan, 2017; S. A. Salloum, Al-Emran, & Shaalan, 2016, 2017a; S. A. Salloum, 
AlHamad, Al-Emran, & Shaalan, 2018; Suksa-ngiam & Chaiyasoonthorn, 2015). Research suggested that 
social media has taken its toll not only among the general public, but it is also a friendly tool for the 
academic users (Al-Emran & Malik, 2016; Al-Emran & Shaalan, 2015b). They pointed out several factors 
which have contributed to this global adaptation (Al-Mohammadi & Derbel, 2014). The increasing 
popularity of Facebook among students is one of the leading causes of the increased use of social media. 
This is due to the fact that Facebook serves various purposes of communication (Mhamdi, 2016, 2017c). 

Many researches have raised concerns about the Facebook domination and have referred to it as 
‘Facebook Madness’ since users tend to get overly engrossed in browsing (Mohammed Habes, Alghizzawi, 
Khalaf, Salloum, & Ghani, 2018; S. A. Salloum, Al-Emran, & Shaalan, 2018; S. A. Salloum & Shaalan, 2018a, 
2018b). (Oche & Aminu, 2010) observed that Facebook was resulting in phenomenal distractions for 
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students as they tend to remain online round the clock. Regardless of their presence in classroom and 
lecture theatres, students are often found mentally pre-occupied with their hand-held devices for chatting 
and communication (Al-Emran, Mezhuyev, Kamaludin, & AlSinani, 2018a; Al-Emran & Shaalan, 2015b, 
2015a, 2017). This sort of social media obsession has caused academic impediments for many students. 
The use of short forms of words, abbreviations, and skipping of many vowels have become common traits 
of typing and writing among users in these forums (Al-Mohammadi & Derbel, 2014; E. Derbel & Al-
Mohammadi, 2015). This has obviously affected students’ use of written language which makes it a 
serious concern as language is said to be the bearer of the history, values, ethics, and culture of any 
society (Al-Mohammadi, 2014b, 2014a; E Derbel, 2014; Emira Derbel, 2017). (Obi, Bulus, Adamu, & 
Sala’at, 2012) observed that, sub-consciously, students tend to use similar language and writing methods 
in the classroom (Mohammed Habes et al., 2018).  

Nonetheless, they similarly argued that these forums served as an essential platform for learning, gaining 
general knowledge, acquiring awareness and creativity which are necessary for developing users’ 
cognition by facilitating knowledge exchange (Al-Emran, Mezhuyev, & Kamaludin, 2018b; Al-Emran, 
Mezhuyev, Kamaludin, & Shaalan, 2018b; Al-Mohammadi, 2014b; Al Emran & Shaalan, 2014b). (Kaplan & 
Haenlein, 2010) stated that if put to good use, social media can be of great service for enhancing teaching 
methods and mediums (Mhamdi, Al-Emran, & Salloum, 2018; S. A. Salloum, Al-Emran, Abdallah, & 
Shaalan, 2017; S. A. Salloum, Al-Emran, Monem, & Shaalan, 2018; S. A. Salloum, Al-Emran, & Shaalan, 
2017b; S. A. Salloum, Mhamdi, Al-Emran, & Shaalan, 2017). Additionally, it opens a variety of gateways for 
students to gather required knowledge and information which would augment their academic 
performance (Al-Qaysi & Al-Emran, 2017; Al-Qaysi, Mohamad-Nordin, & Al-Emran, 2018; Malik & Al-
Emran, 2018). The current study will probe the subject of advantages and factors which influence the 
university students’ acceptance of social media technologies. These factors mainly include performance 
expectancy, effort expectancy, social influence and facilitating conditions, in the light of social media. 

2. Literature review 

Surveying the literature is an essential step before conducting any research study (Al-Emran, 2015; Al-
Emran, Mezhuyev, & Kamaludin, 2018c; Al-Emran, Zaza, & Shaalan, 2015; Al-Qaysi, 2018; Al Emran & 
Shaalan, 2014a; Zaza & Al-Emran, 2015). (Lotan, Graeff, Ananny, Gaffney, & Pearce, 2011) observed that 
information streaming and the quality of news work has significantly been altered due to the prevalent 
revolution of broadcasting traditional media into digital network media. (Salim, 2012) stated that 
government restricting the traditional media resulted in a hike of digital social network adoption and the 
users began to rely on sources such as Twitter, Facebook, and various other social media platforms to 
receive news and updates on a daily basis. Furthermore, this enabled these networks to expand and 
involve a larger number of audiences (Mhamdi, 2017a, 2017b). (Cottle, 2011) found that “As the world’s 
news media and new social networks communicated these dramatic images of mass opposition from 
across much of the Arab world”, The trend of social media acceptance increased rapidly amongst 
university students who use it for communication and cooperation (Hussain, 2012; Suksa-ngiam & 
Chaiyasoonthorn, 2015). 

Researchers such as (Suksa-ngiam & Chaiyasoonthorn, 2015; Wodzicki, Schwämmlein, & Moskaliuk, 
2012) recognized that social media was a beneficial source to create virtual formal and informal learning 
forums and to serve the educational purposes by facilitating the exchange of knowledge. University 
students in higher education environments have gained an advantage from social media in times of 
emergency by interfaces that facilitate information sharing, communication and collaboration activities 
(Mhamdi, 2017d). Although several researchers like (Hanson et al., 2011; Salim, 2012; Suksa-ngiam & 
Chaiyasoonthorn, 2015) have contributed their efforts to explore the issue generally, none of them has 
explicitly addressed the topic concerning the Arabian Gulf higher education context. 

Numerous frameworks that clarify the acceptance and utilization of technology have been fused in the 
Unified Theory of Acceptance and Use of Technology (UTAUT) which represents the theoretical 
framework of the current study. (Figure 1 in the following section will illustrate the UTAUT). The most 
popular frameworks included in the UTAUT are Diffusion of Innovation, Theory of Reasoned Action 
(TRA), Technology Acceptance Model (TAM), Motivational Model, Theory of Planned Behaviour (TPB), 
Combined TAM-TPB, Model of PC Utilization, and Social Cognitive Theory (Viswanath Venkatesh, Morris, 
Davis, & Davis, 2003). With the help of six longitudinal field studies, the UTAUT content has been verified. 
According to (Viswanath Venkatesh et al., 2003), 70% of usage intention variance is included in the 
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UTAUT model. This model comprehensively covers and associates four integral constructs, i.e. 
performance expectancy, effort expectancy, social influence, and facilitating conditions. These constructs 
impact the actual use of technology and the intention to use technology. 

The current study employs the Unified Theory of Acceptance and Use of Technology (UTAUT) to the e-
learning setup of higher education in the United Arab Emirates in order to understand the factors which 
influence the use of social networking media. Data has been collected from a sample of instructors and 
students from two different higher education institutions in the United Arab Emirates. Abiding by the 
quantitative research method, survey questionnaires have been used to gather the required data for the 
investigation. The predictive behavior of the recommended factors in the research model was verified 
using the Structural Equation Modelling. 

3. Research Model 

A very comprehensive research in the subject of IT behavior has been compiled by (V Venkatesh, Morris, 
Davis, & Davis, 2003) which includes pertinent methods and UTAUT application. This research provided 
other researchers with foundations to further validate and test their respective models. Applying the 
UTAUT model enables us to assess the hindrances that occur while executing the social media context. 
According to (V Venkatesh et al., 2003), the UTAUT is the chief  theoretical framework to examine the 
adaptive responses of social media handlers. The research model that we used to support our findings is 
illustrated in Figure 1 in the following section of the paper. This model covers certain aspects which were 
to be hypothesized as the factors of use behavioral (UB) for social media. This included performance 
expectancy (PE), effort expectancy (EE), social influence (SI), facilitating conditions (FC), and behavioral 
intention (BI). The anticipated hypotheses and constructs are in harmony with the previous context. In 
the following section, we will derive the hypotheses in light of the utilized theoretical framework. 

3.1.  Performance Expectancy 

The term ‘performance expectancy’ refers to the degree to which an individual believes that s/he can 
have benefits realization in his/her job performance with the help of an information system” according to 
(V Venkatesh et al., 2003). By viewing performance expectancy parallel with social media setting, we 
discover that E-learners have an enhanced education skill and performance since learning activities are 
more facilitated and augmented. Several researches on information systems suggest that behavioral 
intentions supportively influence the performance expectancy (Hanson et al., 2011; Salim, 2012; S. A. 
Salloum & Shaalan, 2018b; Suksa-ngiam & Chaiyasoonthorn, 2015), which brings us to the following 
hypothesis: 

H1: Performance expectancy (PE) has a positive effect on behavioral intention to use social media. 

3.2. Effort Expectancy 

(V Venkatesh et al., 2003), explained effort expectancy to be “the degree of ease related to the information 
systems and their usage”. The paradigms of effort expectancy will determine the factors of individual 
objectives in conformity with previous research studies (Hanson et al., 2011; Salim, 2012; S. A. Salloum & 
Shaalan, 2018b; Suksa-ngiam & Chaiyasoonthorn, 2015). Concerning the recent escalation of social media 
tools, assessing behavioral intention to use social media technology is incomplete without taking effort 
expectancy into consideration. The UTAUT explains that the convenience and ease of access that the 
social media technology dispenses, along with the impact that behavioral intention takes from effort 
expectancy will determine the extent of individual acceptance. We will, therefore, put the following 
hypothesis to test: 

H2: Effort expectancy (EE) has a positive effect on behavioral intention to use social media. 

3.3. Social Influence 

Social influence, according to (V Venkatesh et al., 2003), is “the degree to which a person realizes how the 
others believe that a new information system should be used by him or her”. Earlier investigations 
suggest that social influence drives the individual’s intention for accepting and adapting to new 
technology. Together with content from UTAUT and earlier studies (Hanson et al., 2011; Salim, 2012; S. A. 
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Salloum & Shaalan, 2018b; Suksa-ngiam & Chaiyasoonthorn, 2015), we understand the ways in which 
behavioral intention to use social media technology is greatly impacted by social influence. Therefore, the 
following hypothesis is put to test: 

H3: Social influence (SI) has a positive effect on behavioral intention to use social media. 

3.4. Facilitating Conditions 

The learners’ keenness to continue performing a responsibility is influenced by their behavior physical 
setting or the work environment which is referred to as ‘Facilitating conditions’. This construct happens 
to be the basic foundation of UTAUT. The founder of the UTAUT model found that information systems 
are fundamentally dependent on FC (V Venkatesh et al., 2003) which is confirmed in the most recent 
findings (Hanson et al., 2011; Salim, 2012; S. A. Salloum & Shaalan, 2018b; Suksa-ngiam & 
Chaiyasoonthorn, 2015). The latest established definition of FC in the existing research is “the degree to 
which individuals are of the view that technical and organizational infrastructures endure to strengthen 
them”. Thus students and instructors are influenced into adopting social media to achieve certain aims 
and objectives which may vary according to the educational context, especially when dealing with mixed-
ability classes (Al-Mohammadi, 2015). The capacities which are integrally assessed for this purpose 
include instructions, support, and availability of resources for learning and social media accessibility. This 
leads us to the hypothesis underneath: 

H4: Facilitating conditions (FC) will significantly and positively influence student to use social media. 

3.5. Behavioral Intention to Use 

In regards to social media technology utilization (Hanson et al., 2011) described Behavioral Intention (BI) 
as the objective of learners to employ social media technology and integrate it throughout the 
progression of learning.  The BI items revolve around assessing the desire of learners for accepting social 
media technology and adopting it (Suksa-ngiam & Chaiyasoonthorn, 2015). (Suksa-ngiam & 
Chaiyasoonthorn, 2015) and several other researchers in this field have proven behavioral intention to be 
influenced by the actual system use of social media technology and particularly the behavior or actual use 
of social media (Hanson et al., 2011; Salim, 2012; S. A. Salloum & Shaalan, 2018b; Suksa-ngiam & 
Chaiyasoonthorn, 2015). Both constructs demonstrated a significant positive correlation, which brings us 
to the following hypothesis: 

H5: The Intention to use the e-learning system (BI) has a positive effect on the Actual use (AU) of the 
social media. 

In the light of the above-derived hypotheses, we have validated the research model below, establishing 
our framework on the UTAUT as illustrated in figure 1. 

 

Figure 1. Research Model.  
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4. Research Methodology 

4.1. Procedure 

The sample for data collection is comprised of postgraduate and undergraduate students from the 
University of Fujairah (UOF) and The British University in Dubai (BUiD) in the United Arab Emirates. For 
the quantitative data collection, questionnaires were issued to examine the assumed research hypotheses 
and to understand the impact of factors under investigation (Al-Emran, 2014; Al-Emran, Mezhuyev, & 
Kamaludin, 2018a; Mezhuyev, Al-Emran, Fatehah, & Hong, 2018). The questionnaires were divided over 
24 items addressing important factors like performance expectancy (PE), effort expectancy (EE), social 
influence (SI), facilitating conditions (FC), and behavioral intention (BI). The researchers managed to 
gather 370 respondents for the survey, out of which 37 submitted incomplete responses that were thus 
deemed useless and, hence, discarded. The research is based on 90% response rate from 333 fully-
completed questionnaires. The sample size was acquired from the 333 approved and considered 
responses, as per (Krejcie & Morgan, 1970). These responses were analyzed using the conceptual model. 
The researchers arrived at a sample size by examining the data with respect to the structural equation 
model. The requirements used for the analysis of hypotheses were negligible as compared to the huge 
sample of 408 participants (Chuan & Penyelidikan, 2006). 

4.2. Participants 

Several demographics were adopted to classify the participants in the survey questionnaire. These 
included age, gender and the frequency of social media use. The sample size for this purpose consisted of 
210 females and 123 males out of a total of 333 students representing 63% and 37%, respectively. The 
majority of these students, i.e., 69% were aged between 18 and 29. The remaining 31% were at the age of 
30. 96% of the overall participants; that is 320 out of 333 students, claimed to be highly proficient in 
computer skills. 86% confessed to use social media on a daily basis. According to the survey findings, the 
most popular social media platforms were Facebook (followed by 183 students), Twitter and Instagram 
followed by 109 and 102 students respectively. The most popular use of these social media networks was 
communication and online chat (225 students), sharing videos, photos and status and profile updates 
(211 students) and educational purposes (118 students). 

5. Findings and Discussion 

5.1. Questionnaire Pilot Study 

To verify and assess the reliability of the questionnaire items before including them in the final survey, a 
preliminary study was conducted. For this purpose, 40 participants from the target population were 
randomly selected. The construct items were tested for internal reliability using the Cronbach’s alpha. An 
acceptable reliability coefficient is set at 0.70 or higher as per (Alrawashdeh, Firstauthor, & 
Secondcoauthor, n.d.). All the constructs had Cronbach’s alpha values above 0.7 as is shown in (Table 1). 
The researchers decided to conduct the final study since all the constructs could be regarded as reliable. 

Construct Cronbach's alpha 
Behavioral Intention 0.894 
Effort Expectancy 0.827 
Facilitating Conditions 0.864 
Performance Expectancy 0.816 
Social Influence 0.879 
Use Behavior 0.710 

Table 1. Questionnaire relies on survey measurement scale Cronbach's alpha. 

With respect to the table illustrated above, the six measurement scales of the questionnaire can be used in 
the current study since they are proven to be reliable 

5.2. Measurement Model Analysis 

The most commonly used software by (Ringle, Wende, & Will, 2005) for the Partial Least Squares-
Structural Equation Modelling (PLS-SEM) is Smart PLS. This study focuses on PLS-SEM for the 
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examination of structural models and measurement (Chin, 1998). The measurement model (outer model) 
is defined as the connection between indicators themselves, while the structural model refers to the 
connection between latent constructs themselves. According to (Anderson & Gerbing, 1988), the highest 
probability approach was implemented to utilize SEM-PLS for the measurement of the proposed model. 
Reliability and convergent validity were ascertained by various measurements such as Factor Loadings, 
Average Variance Extracted and Composite Reliability. Factor loadings were used to represent the weight 
and each questionnaire variable’s correlation value like a perceived indicator. The factors’ dimensionality 
is signified with the aid of larger load value. The Composite Reliability (CR) measure is a useful method 
for measuring reliability. CR serves a similar function by presenting an accurate value through factor 
loadings in the constructed formula. The term Average Variance Extracted (AVE) is defined as the average 
quantity of variance present in a specific variable describing the latent construct. AVE can be used to 
evaluate each factor’s convergence when the discriminate validity is larger than one factor. Table 1 
reveals that our experiment’s result for the convergent validity and questionnaire reliability has gone 
beyond the requirement for convergent validity and reliability. Table 2 presents summarized reliability 
and validity of the questionnaire, along with the evaluation results of each factor through variable 
acquired from the questionnaire. 

5.2. 1 Assessment of the measurement model (Outer model) 

5.2. 1.1 Convergent validity 

The comparative amount of convergent validity is determined by the implementation of indicators that 
include factor loadings, variance extracted and reliability that consists of Cronbach's Alpha and composite 
reliability (Hair, Black, Babin, Anderson, & Tatham, 1998). According to (Hair et al., 1998), when all 
constructs’ reliability coefficient and composite reliability (CR) transcend 0.7 then it shows the internal 
consistency between numerous measurements of a construct. This is apparent in Table 2 in which 
Cronbach's alpha scores are higher than 0.7 (Gefen, Straub, & Boudreau, 2000; Nunnally & Bernstein, 
1978) and constructs’ composite reliabilities range between 0.748 to 0.881. Moreover, all average 
variance extracted (AVE) values that are between 0.613 and 0.721 are fulfilling the standard of describing 
at least half of the variance extracted from a group of items (Falk & Miller, 1992) that are fundamentals of 
the latent construct. Hence, the range used to assess the constructs is believed to attain convergent 
validity.   

5.3. 1.2 Discriminate validity 

Table 2 shows that as all AVE values are higher than the squared correlation among constructs in the 
measurement model, all conditions for the discriminate validity are fulfilled. If an AVE value is larger than 
0.5, then the construct should find at least 50% of the measurement variance (Fornell & Larcker, 1981; 
Hair et al., 1998). Discriminant value was determined by Partial Least Squares (SmartPLS). The loadings 
and cross-loadings are shown in Table 2, and a thorough examination of loadings and cross-loadings 
reveal that all measurement items are broadly loaded on their own latent constructs, rather than loading 
on other constructs. AVE analysis is illustrated in Table 3. The AVE scores’ square root is represented by 
the bold diagonal elements in the table. On the contrary, the correlation between constructs is indicated 
by off-loading diagonal elements. The table clearly shows that the AVE values’ square root is present 
between the ranges of 0.787 and 0.981, which is greater than the standard value of 0.5. In contrast to all 
other correlations for every construct, the AVE is apparently greater, which demonstrates that there is a 
larger variance of all constructs with their own measures, as compared to the model’s other constructs 
that highlight the discriminate validity. 

Constructs Items Factor 
Loading 

Cronbach's 
Alpha 

CR AVE 

Behavioral Intention BHI_1 0.761 

0.736 0.777 0.721 
BHI_2 0.774 
BHI_3 0.774 
BHI_4 0.876 

Effort Expectancy EFF_1 0.759 
0.816 0.871 0.701 EFF_2 0.833 

EFF_3 0.862 
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EFF_4 0.888 
Facilitating Conditions FAC_1 0.905 

0.817 0.770 0.671 FAC_2 0.887 
FAC_3 0.755 
FAC_4 0.714 

Performance Expectancy PER_1 0.864 

0.851 0.881 0.652 PER_2 0.773 
PER_3 0.790 
PER_4 0.750 

Social Influence SOL_1 0.717 

0.743 0.844 0.715 SOL_2 0.778 
SOL_3 0.799 
SOL_4 0.877 

Use Behavior UB_1 0.822 

0.891 0.748 0.613 UB_2 0.829 
UB_3 0.734 
UB_4 0.749 

Table 2. Convergent validity results which assures acceptable values (Factor loading, Cronbach’s Alpha, composite 
reliability  0.70 & AVE > 0.5). 

 Behavioral 
Intention 

Effort 
Expectancy 

Facilitating 
Conditions 

Performance 
Expectancy 

Social 
Influence 

Use 
Behavior 

Behavioral 
Intention 

0.981      

Effort 
Expectancy 

0.681 0.820     

Facilitating 
Conditions 

0.366 0.581 0.826    

Performance 
Expectancy 

0.690 0.571 0.511 0.787   

Social 
Influence 

0.293 0.371 0.444 0.524 0.799  

Use Behavior 0.149 0.280 0.488 0.530 0.443 0.844 

Table 3. Fornell-Larcker Scale. 

5.2. 2 Assessment of structural model (Inner model) 

5.2. 2.1 Coefficient of determination -R2 

The coefficient of determination (R2 value) measure is basically used to examine the structural model (Y.-
C. Lin, Chen, & Yeh, 2010) and this coefficient also aids in determining the model’s predictive accuracy (S.-
C. Lin, Persada, & Nadlifatin, 2014). It is dealt with as the squared correlation between a particular 
endogenous construct’s actual and predicted values. The coefficient signifies exogenous latent variables’ 
combined influence on an endogenous latent variable. As the squared correlation between the actual and 
predicted values of the variables is presented by the coefficient, therefore, it entails that the extent of 
endogenous constructs’ variance is protected by every exogenous construct recognized with it. According 
to (Chin, 1998), values more than 0.67 are indications of high value while the qualities in the range of 0.33 
to 0.67 are direct and the qualities that range between 0.19 and 0.33 are weak values. Values lower than 
0.19 are considered inadmissible (Liu, Liao, & Peng, 2005). In Figure 3, the model shows a Moderate 
predictive power, which supports almost 63.6 percent. According to Table 4, it can be seen that the model 
has high predictive power, which supports almost 69% and 59% of the variance in the Behavioral 
Intention and Use Behavior, respectively. 

Constructs R2 Results 
Behavioral Intention 0.692 High 
Use Behavior 0.587 Moderate 

Table 4. R2 of the endogenous latent variables. 
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5.2.2.2 Test of the hypotheses - Path coefficient 

To test the association between the theoretical constructs for the structural model, implementation of a 
structural equation model using (Smart PLS ver. 3.2.6) with the highest probable estimation was done as 
to perform the analyses of the proposed hypotheses (M. Habes, Alghizzawi, Salloum, & Ahmad, 2018; S. A. 
Salloum, Al-Emran, Shaalan, & Tarhini, 2018; S. A. S. Salloum & Shaalan, 2018). Table 5 and Figure 2 
present a summary of the findings, and it can be seen that all hypotheses are found to be significant. 
Based on the data analysis hypotheses H1, H2, H3, H4, and H5 were supported by the empirical data. 
Performance Expectancy (PE), Effort Expectancy (EE), Social Influence (SI), and Facilitating Conditions 
(FC) have significant effects on Behavioral Intention (BI) (b = 0.176, P < 0.00), (b = 0.228, P < 0.01), (b = 
0.161, P < 0.00), and (b = -0.132, P < 0.01) respectively, hence, H1, H2, H3 and H4 are supported. 
Behavioral Intention (BI) has also significant effects on Use Behavior (AU) (b = 0.371, P < 0.05), (b = 
0.483, P < 0.001), hence, H5 is supported. A summary of the hypotheses testing results is shown in Table 
5. 

 
H 

 
Relationship 

 
Path 

 
t-value 

 
p-value 

 
Direction 

 
Decision 

H1 Performance Expectancy ->Behavioral 
Intention 0.176 23.211 0.000 Positive Supported** 

H2 Effort Expectancy ->Behavioral Intention 0.228 9.533 0.002 Positive Supported** 
H3 Social Influence -> Behavioral Intention 0.161 11.422 0.000 Positive Supported** 
H4 Facilitating Conditions -> Behavioral 

Intention 
-

0.132 6.985 0.001 Negative Supported* 

H5 Behavioral Intention -> Use Behavior 0.371 1.416 0.012 Positive Supported* 

Table 5. Results of structural Model - Research Hypotheses Significant at p**=<0.01, p* <0.05). 

 

Figure 2. Path coefficient results (significant at p** < = 0.01, p* < 0.05). 

6. Conclusion and future work 

By adopting the UTAUT model, this current study explored the Emirati students’ perceptions of adopting 
social media technology. The factors that determine the use of social networking media by United Arab 
Emirates higher education for e-learning were examined by using the unified theory of acceptance and 
use of technology (UTAUT). Through the application of the survey method, data has been collected for a 
quantitative research outcome. Instructors and learners from two universities in the United Arab 
Emirates were involved in this study dealing with the higher education context. The anticipated 
stimulants of the research model were tested for their predictive behavior with the help of Structural 
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Equation Modelling. Performance expectancy (PE), effort expectancy (EE), social influence (SI), and 
facilitating conditions (FC) are driven by the influential factors. Behavioral intentions are impacted by all 
the factors. The reason for this can be the flexibility that UTAUT offers for the social media technology in 
this context. The Emirati students have statistically proven to be influenced the most by Facebook. 

This research aimed at comprehending the factors that drive the UAE students to hold certain opinions 
about social media technology. The behavioral intention can be analyzed to use social media technology 
in the UAE where the proposed hypotheses and research model are suitable choices for this purpose. 
With the help of structural equation modeling (PLS-SEM), the research hypotheses were examined. The 
variance explained (R-squared value), structural paths and t-statistics were scrutinized using 
performance analysis to examine the structural model. Figure 2 represented the structural model while 
Table 5 referred to the outcomes of this data analysis. Every hypothesis in the research model was 
comprised of a path significance and variance explained (R2), each of which was analyzed to support all 
the proposed hypotheses. 

In the course of this study, it was found that the students’ behavioral intention to utilize social media 
technology augmented and took positive influence from performance expectancy (PE), effort expectancy 
(EE), social influence (SI), and facilitating conditions (FC). This outcome is in harmony with H1, H2, H3, 
H4, and H5. These findings are clear indicators of the ability and reliance that students have in utilizing 
social media technology. This positive effect on students’ behavioral intentions to utilize social media 
technology has also been observed in previous studies (Hanson et al., 2011; Salim, 2012; S. A. Salloum & 
Shaalan, 2018b; Suksa-ngiam & Chaiyasoonthorn, 2015). This effect is noticed from factors like 
performance expectancy (PE), effort expectancy (EE), social influence (SI), and facilitating conditions 
(FC). 

An eminent variance R-squared was measured for behavioural intention i.e. 69% (R2 = 0.692) which 
validated the variance for the students’ behavioral intention to employ social media technology. The 
study employed performance expectancy (PE), effort expectancy (EE) and social influence (SI) to predict 
the two variables. A nominal R-squared value was measured for user behavior with the help of facilitating 
conditions (FC) and students' behavioral intention. The combined variance of these factors was 58.7% (R2 

= 0.587). The following important inferences can be deduced from this research: Students’ behavioral 
intentions augment with performance expectancy (PE), effort expectancy (EE), social influence (SI), and 
facilitating conditions (FC). The focus of managers and developers in the learning field of social media 
technology should, therefore, be targeted towards factors which open platforms for learning and 
consequently boost students’ competence in social media applications for optimum implementation. 

Correspondingly with Facebook, the study undertook general social media platforms too to understand if 
the social media technology application varied accordingly. For this purpose, the researchers studied 
Google+, Twitter and Instagram. Apparently, the UAE users prefer to use Facebook more than any other 
social media application, which is the most popular choice in the UAE market. The researchers were, 
therefore, unable to generalize the investigation for all the available social media applications. 
Furthermore, the sample population was very small, i.e. students from two UAE universities, which is not 
a fair representation of the UAE population. However, this research can be deemed good enough to 
represent the UAE university students and hence can be applied to understand their approach. The 
researchers recommend extensive study with respect to the UTAUT model, encompassing governmental 
higher education institutions also, so as to reach and understand the parallels of factors which impact 
students’ behavior in governmental as well as non-government universities. 
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